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Abstract

This study employed network analysis to examine the internal structure of the Internet Gaming
Disorder Scale (IGD-20) and to identify core symptoms as potential intervention targets. The scale
was administered to 252 participants, from which a Gaussian Graphical Model (GGM) network was
estimated. Strength centrality and expected influence metrics were computed to assess the
centrality of individual symptom nodes. Results indicated that Item 13 (Salience dimension:
Playing online games is the activity that takes up the most time in my life”) and Item 6 (Relapse
dimension:I want to reduce the time I spend playing online games, but it’s hard)exhibited the
highest strength centrality, serving as the most densely connected hubs in the network.
Furthermore, Item 13 demonstrated the highest expected influence, suggesting its strongest
potential to propagate activation to other symptoms. These findings underscore that Internet
gaming disorder is primarily maintained by a minority of core and high-driving symptoms,
thereby providing clear guidance for precision clinical interventions.
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